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 Abstract 

Developing oral narrative skills in English as a Foreign Language (EFL) 

context is challenging. It is often made more difficult by limited 

opportunities for personalized feedback and the cognitive burden of real-

time production. This study investigated the integration of GenAI tools, 

specifically Gemini and ChatGPT, within a Genre-Based Approach (GBA) to 

scaffold the speaking skills of 32 tenth-grade students in West Java, 

Indonesia. This study focuses on the creative genre of "fractured stories," 

which is a demanding task that requires progressive scaffolding. This study 

used a qualitative case study design to explore how GenAI tools functioned 

across the GBA cycle. Data were collected through classroom observations, 

student-AI chat logs, students’ speaking recordings, and semi-structured 

interviews. The findings revealed that GenAI tools could improve students’ 

organizational structure and pronunciation by effectively enacting 

Vygotskian scaffolding, functioning as a dynamic "More Knowledgeable 

Other," that progressed from a lexical support during the knowledge-

construction stage to a personalized phonological coach in the phase of 

independent practice. Analysis of speaking recordings showed marked 

improvement in narrative structure across all proficiency levels, while 

lower-proficiency students demonstrated significant gains in pronunciation 

accuracy via multimodal rehearsal loops. The study concluded that when 

embedded in a rigorous genre-based framework, GenAI transforms from a 

mere text generator into a robust, affective-aware partner that 

democratizes access to high-quality oral feedback. Future research should 

examine long-term retention of skills beyond the intervention period and 

investigate GenAI integration across diverse oral genres. 
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1. Introduction 
The development of speaking proficiency represents a core challenge in English as a 

Foreign Language (EFL) context, often constrained by logistical limitations such as high 
student-to-teacher ratios and insufficient opportunities for substantive, personalized 
practice (Emilia et al., 2021). Traditional classroom instruction frequently struggles to 
provide the necessary immediate and tailored feedback crucial for refining oral skills, 
particularly complex components like pronunciation and fluency. Concurrently, the Genre-
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Based Approach (GBA) has proven effective in structuring language instruction by focusing 
learning around the social purpose, schematic structure, and linguistic features of specific 
text types (Callaghan & Rothery, 1988; Emilia et al., 2021; Joyce & Feez, 2012; Martin, 2014). 

The advent of highly advanced generative Artificial Intelligence (GenAI) tools, such as 
ChatGPT and Gemini, presents a significant technological integration opportunity for 
language education stakeholders (Warschauer, 2020). These tools, which utilize 
sophisticated Natural Language Processing (NLP) and Automated Speech Recognition (ASR) 
technology, are capable of offering personalized, versatile, and dynamic learning 
environments, effectively augmenting traditional instruction. This study investigates the 
pedagogical synergy created by integrating GenAI within the established cyclical framework 
of GBA, focusing specifically on a demanding oral production task: telling fractured stories. 

The theoretical lens underpinning this investigation is rooted in Vygotsky's (1978) 
sociocultural theory, where GenAI acts as a dynamic mediator within the Zone of Proximal 
Development (ZPD). Unlike fixed forms of scaffolding, GenAI provides a responsive, adaptive 
support structure that guides students through the iterative stages of genre mastery. The 
effectiveness of GenAI stems from its capacity to offer instantaneous, data-driven feedback 
and adapt learning materials based on individual performance, fostering enhanced self-
regulation and promoting learner autonomy. This technological scaffolding facilitates the 
move from collaborative learning to independent mastery of both genre requirements and 
necessary linguistic sub-skills (Christie & Derewianka, 2008).  

Despite this potential, a critical gap remains in the empirical literature: How can AI-
assisted GBA scaffold students’ speaking development in telling fractured stories? While 
systematic reviews acknowledge the profound transformation brought about by GenAI in 
English Language Teaching, specific models integrating these advanced tools into the explicit 
four-stage GBA cycle (i.e., Building Knowledge of Field (BKOF), Modeling, Joint Construction, 
and Independent Construction) remain empirically underexplored, particularly in relation to 
fractured story genre. This genre is especially ideal for examining AI scaffolding, as it entails 
multidimensional support and demands a high level of cognitive integration involving 
content generation, structural knowledge, and delivery competence. Addressing this gap 
requires a nuanced examination of how AI functions dynamically across the pedagogical 
sequence to support the development of speaking skills. 

This study makes three contributions:  
a. It provides a concrete pedagogical model for integrating GenAI across the full GBA cycle 

for oral production.  
b. It demonstrates how TTS and ASR technologies create targeted pronunciation practice 

loops; and  
c. It offers empirical evidence of how AI scaffolding evolves from receptive support to 

productive coaching. 

 

2. Literature Review 
2.1 Genre-Based Approach and Oral Competence 

The Genre-Based Approach (GBA), grounded in Systemic Functional Linguistics, views 

language as a resource for making meaning in social contexts and treats genres as recurrent, 

goal-oriented configurations of stages shaped by culture (Halliday, 1993; Martin & Rose, 

2008). Pedagogically, GBA seeks to make the often “hidden” organization of texts visible 

through an explicit teaching–learning cycle, moving learners from supported participation to 

independent control (Callaghan & Rothery, 1988; Feez, 1998; Emilia, 2016). Key principles 
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include explicit instruction in generic stages and linguistic features, systematic scaffolding of 

tasks, and a commitment to equity by providing all students access to powerful literacies 

(Christie & Derewianka, 2008; Gibbons, 2015; Singh, 2022). 

In oral genres, GBA typically unfolds through four recursive stages (Building 

Knowledge of the Field (BKOF), Modeling, Joint Construction, and Independent 

Construction), each targeting different aspects of oral competence (Derewianka & Jones, 

2016; Triastuti et al., 2022). For narratives, instruction focuses on deconstructing schematic 

structure (Orientation–Complication–Resolution) and language resources such as appraisal 

and causal connectors, then reconstructing them in learner production (Hyland, 2007; Rose 

& Martin, 2012). Empirical studies show that genre-based speaking instruction can improve 

discourse organization, accuracy, and confidence: Khatibi (2014) and Zhang (2018) found 

that GBA-based speaking lessons led learners to produce more coherent, stage-appropriate 

oral texts, while Nahid et al (2018) and Hakim et al (2025) reported gains in clarity and 

length of learners’ spoken descriptions and expositions. However, these studies also 

highlight persistent challenges in providing individualized feedback and sufficient rehearsal 

time for all students, especially in large EFL classes (Burns, 2022; Wardani et al., 2021). 

 

2.2 Generative AI as a Learning Tool for Speaking 

To address limitations in feedback and practice opportunities, recent work has turned 

to Generative AI (GenAI) and related speech technologies as mediational tools in language 

classrooms (Hwang et al., 2020; Kessler, 2023). Automatic Speech Recognition (ASR) and 

Text-to-Speech (TTS) systems can provide immediate, individualized feedback on learners’ 

output and create accessible pronunciation models, thus expanding practice beyond 

classroom time (Eskenazi, 2009; Dizon, 2020). In this role, AI tools offer high-frequency, low-

stakes opportunities for listening–speaking cycles that are difficult to achieve through 

teacher feedback alone, especially in resource-constrained contexts (Xu et al., 2021; 

Ambarita & Nurrahmatullah, 2024). 

A growing body of empirical research documents AI’s specific functional 

contributions to EFL speaking. Studies using ASR-based platforms show significant 

improvements in segmental accuracy and overall intelligibility, particularly for lower-

proficiency learners who receive continuous feedback on mispronounced segments (Bashori 

et al., 2022; Sun, 2023; Abimanto & Sumarsono, 2024). Voice-based chatbots and AI 

speaking assistants have been found to enhance fluency, interactional confidence, and self-

regulation by enabling repeated practice in a non-judgmental environment (Han, 2020; Kim 

et al., 2021; Wang & Young, 2023; Farooqi, 2025). In the Indonesian context, Ahyarudin and 

Jamilah (2024) demonstrate that AI-based instructional tasks embedded within a GBA 

framework improved students’ speaking scores and engagement, suggesting that GenAI can 

effectively complement structured pedagogies. At the same time, concerns remain about 

technical bias and recognition gaps for non-native accents, which may lead to frustration or 

unequal support if AI outputs are not critically monitored (Koenecke et al., 2020; Qiao & 

Zhao, 2023). 

 

2.3 Vygotskian Sociocultural Theory and Digital Scaffolding 

Vygotskian sociocultural theory provides a useful lens for understanding how GenAI 

can mediate learning within a GBA cycle. Learning is seen as a socially mediated process in 
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which higher mental functions develop first on the interpsychological plane through 

interaction with others or tools, and then become internalized (Vygotsky, 1978). Central 

constructs include the Zone of Proximal Development (ZPD) (i.e., the space between what 

learners can do alone and what they can achieve with support) and the notion of the More 

Knowledgeable Other (MKO), who offers graduated assistance that is gradually withdrawn 

(Wood et al., 1976; Hammond & Gibbons, 2005). 

In digital environments, AI systems can function as mediational tools that 

approximate an MKO by offering contingent, on-demand assistance aligned with learners’ 

current needs (Holmes et al., 2019; Noroozi et al., 2024b). For speaking, features such as 

instant error detection, TTS models, and dialogic prompting can be interpreted as forms of 

scaffolding that reduce cognitive load and support movement through the ZPD: ASR 

feedback highlights the gap between learner output and target forms; TTS provides 

accessible models for imitation; and conversational agents offer guided questioning that 

helps learners plan and elaborate their texts (Dizon, 2020; Johnson & Lester, 2021; Liu & Ma, 

2025). When embedded in a genre-based cycle, GenAI can thus act as a dynamic mediator 

(sometimes a resource bank, sometimes an analyst of structure, sometimes a collaborative 

co-author, and finally a pronunciation coach), mirroring the progression of scaffolding 

described in GBA and SFL-based instruction (Emilia & Hamied, 2015; Herazo, 2021; Sarmadi 

Kia et al., 2024). 

At the same time, researchers caution that mediation and scaffolding must remain 

human-directed: AI can provide powerful assistance, but teachers need to orchestrate when 

and how learners rely on AI so that the technology amplifies, rather than replaces, dialogic 

teaching and peer interaction (Wardani et al., 2021; Hwang & Chen, 2023; Weng & Fu, 

2025). This implies a design stance where AI is positioned explicitly as a scaffold within 

teacher-guided tasks, rather than as an autonomous instructor. 

 

2.4 Research Gap 

Existing GBA studies demonstrated that genre-based pedagogy improves learners’ 

oral organization and speaking performance, but they rarely integrated advanced AI as a 

systematic mediator across the full teaching–learning cycle, particularly for creative genres 

like fractured narratives (Khatibi, 2014; Zhang, 2018; Puspitasari et al., 2024). Conversely, 

most GenAI-in-speaking research targets discrete skills (e.g., pronunciation or general 

chatbot practice) without embedding AI within a structured GBA framework that sequences 

BKOF, Modeling, Joint Construction, and Independent Construction (Bashori et al., 2022; 

Han, 2020; Wang & Young, 2023; Ahyarudin & Jamilah, 2024). Although sociocultural work 

increasingly conceptualizes AI as a mediational tool, there is still little empirical evidence 

showing how one GenAI system can act as a progressively evolving scaffold (from resource 

to analyst, collaborator, and coach) across a GBA cycle and how this shapes learners’ 

speaking development in fractured narrative tasks; this study addresses that gap by 

examining GenAI as a dynamic scaffold within GBA for EFL students’ oral production of 

fractured stories. 

 

3. Research Method 
3.1 Research Design 

This study adopted a qualitative case study design (Cohen et al., 2018; Hancock, 

2002; McMillan & Schumacher, 2011; Yin, 2011). A qualitative case study was chosen to gain 
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a deep, holistic understanding of the process of AI scaffolding and the mechanism of 

mediation within a real-world, bound context (the GBA class) (Berg, 2007; Creswell & Poth, 

2018; Lincoln & Guba, 1985; Merriam & Tisdell, 2016).  

 

3.2 Research Participants 

The study was conducted at a public senior high school in Subang Regency, West 

Java, Indonesia, a site that represents typical Indonesian EFL classroom conditions while 

providing sufficient digital infrastructure for AI‑mediated activities. The broader participant 

cohort consisted of 32 tenth-grade students (12 male, 20 female, aged 15–17) from 

predominantly middle to low socioeconomic backgrounds. They owned personal mobile 

devices and were familiar with basic digital/AI applications, ensuring access to the 

technological components of the intervention. For the intensive qualitative analysis, 

purposive stratified sampling was used to select nine focal students (three high, three mid, 

and three low achievers) based on previous semester English scores and teacher evaluations 

of speaking performance and classroom engagement, so that they represented a 

maximum‑variation profile of proficiency and likely interaction with the AI tools and thus 

provided information‑rich cases for examining how AI‑assisted GBA scaffolding operates 

across different ability levels within a case study design (Stake, 1995); all participants and 

guardians provided informed consent, and pseudonyms (S1–S9) were used to protect 

anonymity. 

 

3.3 Data collection 

Data were gained from three main sources: (1) classroom observations, (2) student 

artifacts (AI chat logs and pre-/post-speaking recordings), and (3) semi-structured interviews. 

The observations spanned eight ninety-minute sessions focused on teaching the fractured 

story genre and concluded with a final speaking evaluation. The teaching was structured 

around the four cyclical stages of GBA: BKOF, Modeling, Joint Construction, and Independent 

Construction, as suggested by Callaghan and Rothery (1988), Joyce & Feez (2012), Martin 

(2014), and Emilia et al (2021).  

 

3.4 Data analysis 

The data were analyzed using a multi-layered approach. Classroom observation data 

were analyzed descriptively by mapping instructional activities onto the Genre-Based 

Approach (GBA) cycle (Callaghan & Rothery, 1988; Joyce & Feez, 2012; Martin, 2014; Emilia 

et al, 2021). For each stage, the analysis identified the specific instructional activities and the 

distinct roles performed by the GenAI tools.  Student artifacts and interviews were analyzed 

thematically using Braun and Clarke’s (2006) six-step procedure. AI chat logs were 

open‑coded to identify recurring functions (e.g., lexical clarification, genre explanation, 

guided idea generation, form‑focused feedback, pronunciation rehearsal), then clustered 

into higher‑order themes such as Lexical Support, Genre Mediation, and Performance 

Coaching, which were interpreted through Vygotskian notions of mediation, MKO, and ZPD 

to show how AI support shifted with learner needs (Vygotsky, 1978; Hammond & Gibbons, 

2005). Interview data were coded similarly, generating themes like Reduced Anxiety, 

Increased Agency, and Critical Engagement with AI linked to sociocultural perspectives on 

affect and learner agency. Speaking performance was rated with Emilia’s (2016) GBA‑aligned 
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rubric across three dimensions (narrative structure, pronunciation, and fluency) to track 

development over the intervention. 

 

3.5 Gen AI Tools and Prompting 

This study used two GenAI tools: ChatGPT (free mobile version, GPT‑4o) and Google 

Gemini (free mobile app). Regarding the prompting, the teacher modelled using the prompt 

to ask AI as a learning tutor in the joint construction stage by asking the AI to guide them 

using questions to create a fractured story. In Independent Construction, students used 

ChatGPT/ Gemini speech features for practice (e.g., “Listen to my story and give feedback on 

my pronunciation, pausing, and intonation.”), combining TTS/ASR feedback with their own 

oral rehearsal. 

 

3.6 Trustworthiness 

Trustworthiness was supported through triangulation and member checking. 

Classroom observations, student artifacts (AI chat logs, written texts, ASR/TTS records), and 

interviews were systematically cross‑checked so that, for example, reported gains in 

pronunciation or confidence were examined against log evidence and rated speaking 

performance, helping separate robust patterns from isolated claims. Member checking was 

conducted by sharing interview transcripts and brief thematic summaries with focal 

participants for confirmation or correction, enhancing the credibility and authenticity of the 

interpretations. 

 

4. Results and Discussion 
4.1 Improvement in oral performance 

Analysis of the pre- and post-observation speaking scores showed that all nine focal 

students improved in at least one of the three assessed dimensions (narrative structure, 

pronunciation, fluency), with the most consistent gains observed in narrative organization 

and pronunciation. Narrative structure scores indicated that all students reached the 

“Advanced” level by the end of the intervention, suggesting that the combination of explicit 

genre instruction and AI-supported drafting successfully supported their control of 

orientation–complication–resolution sequencing.  

This pattern reinforces evidence that explicit genre teaching can move learners from 

fragmented speech to more coherent, purposeful narratives by making schematic structure 

visible and repeatedly practiced in scaffolded cycles (Derewianka & Jones, 2016; Tran, 2021; 

Zhang, 2018). The following table shows students’ improvement in organizational structure. 

Table 1  

Students’ development in organizational structure 

Student Structure Level in Pre-observation Structure Level in Post-observation 

S1 Basic Advanced 

S2 Advanced Advanced 

S3 Intermediate Advanced 

S4 Intermediate Advanced 

S5 Intermediate Advanced 

S6 Intermediate Advanced 

S7 Basic Advanced 
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S8 Advanced Advanced 

S9 Intermediate Advanced 

 

 All students' narratives contained the required story elements (orientation, 

complication, climax, resolution). Differentiation among levels was determined by the 

quality and sophistication of narrative coherence. Basic proficiency indicated complete but 

simple narratives lacking substantial elaboration or sophisticated linguistic development. 

Intermediate proficiency demonstrated straightforward, competent narratives with standard 

coherence across all stages. Advanced proficiency reflected narratives that seamlessly 

integrated all elements with sophisticated language choices and thorough elaboration, 

demonstrating superior genre mastery. 

 Lower-proficiency students showed marked pronunciation gains, with several moving 

from poor intelligibility to scores above 84%. Student S3 reflected: "I listened to the AI voice 

many times and practiced words it flagged as wrong. It helped because I was shy to ask the 

teacher to repeat." This illustrates how pronunciation improvement depends on repeated, 

private engagement. This is something the non-judgmental AI context facilitates. These gains 

align with research showing ASR-mediated pronunciation practice accelerates segmental 

accuracy for lower-proficiency learners (Abimanto & Sumarsono, 2024; Bashori et al., 2022; 

Gottardi et al., 2022). 

Figure 1 

Students’ pronunciation improvement (pre- to post-observation) 
 

 

Fluency scores showed smaller but meaningful improvements, especially in reduced 

pausing and fillers as students became more familiar with their fractured stories through 

repeated AI-mediated rehearsal. Such incremental fluency gains are consistent with research 

indicating that repeated, low‑stakes rehearsal with AI tools helps learners reduce 

dysfluencies over time by stabilizing lexical retrieval and phrasing, even when formal fluency 

training is not the primary focus (Barrot, 2021; Farooqi, 2025). 

Taken together, these results suggest that when AI is embedded in a genre‑based 

cycle, it can function as a mediating tool that supports movement through the Zone of 

Proximal Development by combining explicit structural guidance with frequent, 

individualized feedback on form and delivery (Christie & Derewianka, 2008; Vygotsky, 1978). 
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4.2 Theme 1: AI as a Lexical and Structural MKO 

Across the Building Knowledge of the Field, Modeling, and Joint Construction stages, 

AI functioned as a “More Knowledgeable Other” that mediated learners’ access to lexico-

grammatical resources and genre structure. In the BKOF stage, students used ChatGPT or 

Gemini as a digital glossary and information-retrieval tool to clarify unfamiliar vocabulary 

and cultural references encountered in the fractured stories, thereby reducing lexical 

cognitive load and enabling deeper engagement with the narrative content. This immediate 

access to lexical support ensured that students entered the subsequent stages with 

sufficient content knowledge and vocabulary to manipulate the genre meaningfully, echoing 

research that identifies AI’s preparatory role in early learning phases. This preparatory 

function resonates with sociocultural views of mediation, where tools and artifacts help 

manage cognitive load so that learners can allocate more attention to meaning‑making 

rather than basic decoding (Halliday & Matthiessen, 2014; Lantolf & Thorne, 2006). 

During the Modeling stage, AI’s role shifted from simple look-up support to that of an 

analytical assistant and exemplar provider. Students requested models of fractured stories 

based on familiar folktales and then prompted AI to analyze their schematic structure and 

language features, gaining metalinguistic awareness of how orientation, complication, and 

resolution are realized linguistically. Chat logs from this phase show learners asking AI to 

identify specific stages in sample narratives and to highlight key linguistic resources, while 

interview data (e.g., S5) confirmed that this process clarified expectations about how a story 

“should start with the orientation and move to the complication and finally the resolution.” 

In this sense, GenAI partially assumes the traditional teacher role in GBA by making “hidden” 

genre rules explicit and negotiable, thereby extending earlier work on modeling and 

deconstruction in oral narrative pedagogy (Emilia et al., 2021; Joyce & Feez, 2012; Martin, 

2014). 

AI's capacity to deconstruct text models bridges educational divides by providing 

individualized linguistic analysis (Weng & Fu, 2025). Student S5 stated: "AI helped me 

understand the story structure (orientation, complication, resolution)." By enabling on-

demand structural analysis, AI functions as a dynamic MKO accessible anytime, not just 

during teacher-led episodes (Lee, 2025; Wang, 2025). Chat logs from the Modeling stage (S8-

Chat Log) further demonstrate this: when asked to identify schematic structure, S8 

requested, "Can you show me where the orientation ends and the complication starts?" This 

reveals how AI's availability prompted metalinguistic inquiry beyond traditional whole-class 

interaction. 

In the Joint Construction stage, AI operated as a collaborative writing guide and form-

focused feedback provider that linked structural analysis to productive language use. 

Teacher-led demonstrations of prompts showed students how to co-construct fractured 

stories with AI, after which pairs or small groups used similar prompts on their own devices 

to draft narratives. As students composed, AI-generated guiding questions, suggested lexical 

choices, and provided immediate feedback on grammar and clarity, helping them refine 

lexico-grammatical accuracy before moving to independent oral production. This iterative, 

form‑focused feedback reflects findings that learners often perceive automated corrective 

feedback as objective and consistent, which can make them more willing to make and revise 

ambitious language choices (Barrot, 2021, 2023; Algaraady & Mahyoob, 2023; Lee, 2025).  

Overall, evidence from chat logs, classroom observations, and interviews suggests 

that in these early and mid-cycle stages, AI effectively assumed a lexical and structural MKO 
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role, taking on much of the analytical and corrective work that would otherwise fall solely on 

the teacher. This progressive mediation illustrates a classic scaffolding trajectory, where 

support is initially heavy and explicit but gradually shifts toward learner control as 

performance becomes more independent, aligning with Vygotskian accounts of MKO‑guided 

development in the ZPD and with GBA’s emphasis on moving from joint to independent 

construction (Gibbons, 2015; Lantolf & Thorne, 2006; Martin, 2014). 
 

4.3 Theme 2: AI as a Phonological and Delivery Coach 

In the Independent Construction stage, AI’s role evolved into that of a phonological 

and delivery coach, supporting students’ transition from written drafts to oral performance. 

After using AI to help generate and refine their fractured stories, students converted their 

texts into audio using text-to-speech tools, which provided consistent acoustic models for 

pronunciation, rhythm, and intonation. They then engaged in a multimodal practice loop in 

which they listened repeatedly to the AI-generated audio, imitated the pronunciation, and 

used automated speech-recognition (ASR) features in ChatGPT or Gemini to receive 

feedback on their oral production. The TTS–ASR loop implemented here mirrors designs in 

which synthetic models and automatic evaluation jointly create a closed feedback cycle, a 

configuration that has been shown to promote phonological awareness and more precise 

self‑monitoring in L2 learners (Belda‑Medina & Calvo‑Ferrer, 2022; Dizon, 2020; Aryadoust, 

Zakaria, & Jia, 2024). 

The TTS–ASR loop proved particularly effective for lower-proficiency learners, 

enabling significant pronunciation improvement through private, consequence-free 

rehearsal. Students engaged in iterative listening and targeted practice on words identified 

by the system as requiring attention. Interview data (S7) reveal that AI use evolved from 

vocabulary and grammar checking to pronunciation practice, fostering confidence through 

autonomous, non-evaluative repetition. This exemplifies the progression from lexical to 

structural to phonological scaffolding. 

Similar to findings by Al‑Ghezi et al. (2023) and Abimanto and Sumarsono (2024), the 

present data suggest that frequent, privately accessible practice can be particularly 

empowering for students who might otherwise avoid oral participation in face‑to‑face 

settings. The following figure illustrates the pronunciation loop when students practiced 

with GenAI. 

Figure 2 

AI pronunciation practice loop 
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Fluency gains, while more modest, appeared linked to this repeated rehearsal, as 

students became more comfortable with the pacing and wording of their stories and thus 

reduced hesitations during the final assessment. 

At the same time, the data revealed clear limitations in AI-based phonological 

support, particularly the reduced accuracy of automatic speech recognition (ASR) for lower-

proficiency accents. Some students (e.g., S5) reported that AI failed to respond appropriately 

during speaking practice, initially interpreting this as a personal pronunciation deficit, which 

poses a risk to learner self-efficacy. However, S5’s subsequent decision to discontinue AI use 

in these situations reflected emerging critical AI literacy, as the learner attributed the 

breakdown to technological constraints rather than individual inadequacy.  

Evidence confirms AI functioned as a lexical and structural MKO (Emilia et al., 2021). 

Unlike class-bound teachers, GenAI enabled "on-demand deconstruction" of genre features, 

which is instantaneous rather than scheduled. This is a capability not previously documented 

in GBA. This progression through look-up, analysis, and refinement mirrors Vygotsky's (1978) 

ZPD scaffolding, where support decreases with competence, except here the mediator is 

digital and self-paced. 

 

4.4 The Progressive Evolution of AI Scaffolding Across the GBA Cycle 

The data reveal a systematic evolution in AI's mediational role that exemplifies 

progressive scaffolding within the Zone of Proximal Development. In BKOF, the AI operates 

at the level of receptive linguistic support: students consult it to decode unfamiliar 

vocabulary and cultural content, a function that requires minimal cognitive engagement 

beyond recognition. In Modeling and Joint Construction, AI's role escalates to analytical and 

productive support: students now interrogate the tool to understand generic structure, 

suggest alternatives, and refine grammar. These tasks require metalinguistic awareness and 

deliberate choice-making. Finally, in Independent Construction, AI becomes a phonological 

coach, where learners must practice articulation, receive automatic feedback, and iteratively 

adjust their motor execution. The following figure illustrates the systematic evolution in AI-

assisted GBA. 

Figure 3 

AI scaffolding in the GBA cycle 
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This four-stage progression (from receptive linguistic support to phonological 

coaching) represents a classical scaffolding trajectory where each stage presupposes 

competence from the previous one (Lantolf & Thorne, 2006). Rather than a single mediator 

withdrawing support, AI's role transforms in response to evolving learner needs, maintaining 

appropriate cognitive load while progressively shifting responsibility. This finding extends 

Vygotsky's (1978) original conception by showing that technological mediators can be 

dynamically repurposed within a single pedagogical cycle, something a static human 

interlocutor cannot easily do. 

 

4.5 Limitations and Future Research 

This study contributes to understanding AI-assisted GBA for oral development, yet 

several constraints limit generalizability. The sample (nine students from a single school in 

West Java) restricts applicability across contexts. The intervention focused exclusively on 

fractured narratives; applicability to other oral genres (e.g., speeches, debates) remains 

untested. The eight-session duration precludes assessment of long-term retention or 

deepening of critical AI literacy. Additionally, ASR and TTS limitations with non-native 

accents suggest the need to compare different platforms (e.g., ELSA, Speechling, Duolingo). 

Finally, a more detailed discourse analysis of AI–student interactions could illuminate 

mediation mechanisms. 

Future research should: (1) test the model across multiple contexts and proficiency 

levels; (2) examine other oral genres and task types; (3) employ longitudinal designs to 

measure retention and transfer; (4) compare AI platforms to optimize configurations for 

different learner profiles; and (5) investigate how teachers mediate between AI and human 

feedback while fostering critical evaluation of algorithmic error detection. 

 

5. Conclusion 
This study demonstrates that Generative AI functions as a dynamic, progressive 

mediator for oral competence, bridging instructional theory and technological application. 

The findings validate AI as an adaptable, More Knowledgeable Other capable of fulfilling 

Vygotsky's Zone of Proximal Development by transforming its role across the pedagogical 

cycle (from lexical support in the BKOF to phonological coaching in Independent 

Construction). This extends classical Vygotskian scaffolding into the digital age. 

All nine focal students improved in narrative structure, with lower-proficiency 

learners showing the most substantial gains. The TTS–ASR pronunciation practice loop 

proved particularly effective by providing low-anxiety, high-frequency rehearsal, while 

students' increased confidence highlights AI's democratizing potential and affective benefits. 

For practitioners, the implications are actionable: educators must design high-utility 

prompts that strategically shift AI's role across the GBA cycle (from resource provider to 

performance coach). Rather than an add-on, AI should be embedded in teacher-guided 

frameworks where technology amplifies, not replaces, pedagogical decision-making. 

While robust, the findings are constrained by a single-context design and focus on 

one genre. Longitudinal research, comparative studies with control groups, investigation 

across oral tasks, and examination of optimal prompt-engineering for different proficiency 

levels would strengthen claims about generalizability and long-term efficacy. 
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This study illustrates a human-AI partnership grounded in pedagogy rather than 

technological enthusiasm. When designed within established theoretical frameworks, AI 

expands access to personalized feedback, particularly for under-resourced learners. The 

challenge lies not in whether to integrate AI, but in doing so while honoring learner 

autonomy and sustaining human relationships in language education. 
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